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A Chinese Short Text Similarity Algorithm Based on Semantic and Syntax
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Abstract: A short text algorithm based on semantic and syntax by analyzing the characteristics of Chi-

nese short text was proposed. The algorithm combines semantic similarity with the similarity of sentence

syntax in Chinese short text, that is to say, to calculate the similarity of short text with the same syntax

structure and consider the contribution with sentence words order to similarity. The experiments show

that the proposed algorithm is closer to people’s judgment and gets a better precision rate and recall rate in

the aspect of Chinese short text similarity calculation results.
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Fig. 2 The grammatical structure of sentence
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Tab. 1 Classification of syntax structure type
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Tab.2 Similarity results of three methods
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Fig. 3 The precision rate comparison
of different weighting factors
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Fig.4 Similarity result evaluation of three methods
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